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Aktualni situace

Sémanticky web je v souCasnosti

— podlozen propracovanymi a pomeérneé Siroce znamymi standardy (RDF,
SPARQL, OWL), pro které existuje fada softwarovych nastroju

— realizovan ruznorodym okruhem (zatim ne dostate¢né!) propojenych
datasetu

Z technologického hlediska neni problém vytvorit funkCni aplikaci
— Vykonnost SRBD pro RDF stale zaostava za relaénimi, ale zlepSuje se
— Doménoveé pokryti uz zacina byt ,,zajimavé”

Praktické fungovani celého ,ekosystému” je vsak stale velmi zavislé
— na financ¢ni podpore z vefejnych zdroju
— na politickych tlacich shora (v pfripadé dat vefejné spravy)

Privatni sféra sama investuje jen opatrné
— startupy — zejména v USA

Nejde o ,trhak”, jakym jsou napf. socialni sité...



Co brani vetsSimu pruniku do
praxe?

Ve vyzkumu semantického webu neni jasne oddelena
cast zakladniho vyzkumu a cast realné pouzitelna v praxi
— Vina v minulosti pfilis stédré dotacni politiky v této oblasti?

— Nevi se tudiz, co funguje, pro koho a jak...

Co funguje a pro koho?

— Nutno mit typologii aplikaci, kritické faktory uspéchu nasazeni,
modely zpusobilosti k nasazeni apod.

Jak funguje?
— Nutno mit modely tvorby zisku apod.

Nejsem odbornik, predkladam jen v naznacich...



Marek Nekvasil, 2011

* DisertaCni prace na KlZI: ,Evaluation of
Semantic Applications for Enterprises” *
—viz ISIS, vyslo | knizne v zahranicCi

» Predklada
— Typologii semantickych aplikaci
— Pro kazdy z typu:

« Soubor kritickych faktoru uspéchu nasazeni (CSF)

* Model ,zralosti“ (resp., zpusobilosti) organizace
pro nasazeni aplikace



Priklad modelu

* Vychazi z dotaznikoveho Setreni u 20 pripadovych studii
reportovanych W3C
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Maturity for “Recommending Systems”
Qritica SuccessFactors CsF

Category Particular CSF MO M5
Business Case Efectble Beneft X
Knowledge Model Ontology Correctness X
Knowledge Model Common Model X
Knowledge Model Model Synchronization X X
Users Behavior User-fiendliness X X
Users Behavior MNumber of Users X X
Users Behavior Users Motivaion X X
Data Trea ment Sufficgent Deta Supply X X
Data Trea ment Dwersity of Data Sources X X
Data Trea ment Da a Consstency X X
Data Trea ment Parsing Reliability X X




Systematizace 3D prostoru
byznys modelu (Brinker, 2010)

Direct
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Who do we provide our service to?

http://www.chiefmartec.com/2010/03/business-models-for-linked-data-and-web-30.htm|



Konkretni modely dle Brinkera
,Primy prijem"

Subsidized/public service: funded by a government, an NGO, or a
regulatory mandate — revenue = funding.

Licensing: charge fees to let developers use data in other environments.

Microtransactions: on-demand payments for individual queries or data
sets.

Subscriptions: charge for access to data for a period of time (may have
tiers for different levels of access).

Freemium: free but limited access to data to sample, but charge for
extended premium access.

Paid inclusion: charge to be included in the data set or attributed valuable
meta-data.

Sponsorships: charge a small number of advertisers for brand visibility of
sponsoring the data.

Advertising: charge for ads placed around data on web pages (may also
tap into ad networks).




Konkretni modely dle Brinkera
,Neprimy prijem"”

Marketplace: provide data to a partner service in exchange for an
opportunistic royalty.

Affiliate program: provide data streams to affiliates who distribute them in
other applications in exchange for commissions on related sales.

Affiliate participation: as an affiliate of other companies, combine affiliate
product links with data to earn commissions on related sales.

Value-add/loss leader: incorporate free or bonus data as an enhanced
feature to win customers for another product or service.

Traffic generation/SEO: publish data to earn favorable positions in search
engines and other directories to generate more traffic.

Branding: provide data free of charge on a friendly web site to build brand
(i.e., self-sponsorship).

Data branding: provide data free of charge to build brand, but it's the data
itself — not the visible manifestation of it — that is the vehicle for meme
distribution.




Modely efektivnosti tvorby a
vyuzivani ontologii
,Possible ontologies” (Hepp, 2007)

— Naklady na tvorbu a udrzovani realnych ontologii jsou vysoké
— Potfeba zpétné vazby mezi tvlrci a uzivateli ontologie

— Problém externalit
» ontologie ¢asto nepomuze tomu, kdo pro ni ma poskytnout podklady

— Viz http://www.heppnetz.de/files/IEEE-IC-PossibleOntologies-
published.pdf

ONTOCOM

— Nastroj pro kvantitativnhi odhad nakladu na tvorbu ontologie
— http://ontocom.sti-innsbruck.at/



http://www.heppnetz.de/files/IEEE-IC-PossibleOntologies-published.pdf
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